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I build automation systems, AI agents and the applications around them. Eight of them are below, with the

workflows and the screens rather than a description.
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01   Strives.ai
Autonomous social media system

365 posts across seven channels, from reading the internet to publishing, with nobody writing
them.

Make.com · Airtable · OpenAI · Claude · Apify

A content engine for a B2B marketing company. It reads sources, decides what is worth writing about, writes it,

schedules it, publishes it to seven channels, then measures what happened and feeds that back into what it writes

next. 365 posts on the calendar at the time of these screenshots.

It starts with 85 sources, 45 of them RSS feeds, each carrying a mean quality score so a source that keeps

producing weak ideas gets deactivated. Three extraction branches run in parallel: RSS articles get downloaded

and stripped to text, YouTube videos get transcribed, and LinkedIn profiles get scraped through Apify. Everything

lands in Airtable as a scored content idea.

Ideas only move forward if they pass a filter, a score above seven and not classified as news. Generation then

runs per channel, and the models are assigned per step rather than globally. A cheap model summarises, a

stronger one writes titles and posts, Perplexity handles research on related topics, and images are generated

separately. Every prompt lives in a prompt manager with its own model attached, so changing the model behind

one step does not mean touching a scenario.

Publishing is a single webhook-triggered scenario that routes to the right channel: Instagram, YouTube, TikTok,

Facebook, X, LinkedIn and a blog. Metrics come back from Apify on a schedule, with a retry path for when a

platform is slow, and the engine uses them to suggest both what to write about and when to post it.

A review board sits in the middle of all this. Ideas queue as pending and a person can approve or reject them,

which is the one place a human can step in. At the time of these screenshots there were 97 waiting.

The whole loop, including the feedback path. Metrics from published posts return as content and timing suggestions.
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Extraction. Three branches in one scenario: RSS articles, YouTube transcription, and LinkedIn scraping, all normalised into scored ideas.

Generation for one channel. Research, key details, title, scoring and image generation, with a different model behind each step.

Publishing. One webhook, one router, seven channels.
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Metrics collection on a schedule, with a retry path for when a platform does not answer.

The publishing calendar. 365 posts scheduled, colour coded by channel and status.
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The review board. Generated ideas queue as pending for a person to approve or reject.

Prompt manager. Each step has its own prompt and its own model, editable without opening a scenario.
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Sources, each with a mean score. A feed that keeps producing weak ideas gets deactivated.
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02   Sentience
Automated cold outreach

A CSV of leads becomes a running email campaign, with the AI stepping back the moment
someone replies with interest.

Make.com · Airtable · Instantly · OpenAI

An outbound system for a B2B behavioural intelligence company. Their team was running outreach by hand:

building lists, researching each prospect, writing each email, chasing replies in an inbox. It capped out at a

handful of prospects a day, and personalisation got worse the more they pushed.

Now they upload a CSV, pick the email type and the angle, and the system takes it from there. Leads get

enriched, then split: anyone with enough profile data to work with gets a personalised email, anyone without gets

a solid generic one. Both go out through Instantly, and every status change writes back to Airtable so the operator

dashboard always shows the real state of a campaign.

The prompts live in a library rather than inside the scenarios, each one with its own model attached. Personalised

first email, personalised follow-up, generic first email, generic follow-up, reply generation. Changing how the copy

sounds means editing a record, not opening Make.

The part I would point at is what happens when someone replies. The system reads the reply and drafts a

response, but if the lead is actually interested it adds them to a stop table and the AI stops replying to that thread.

A person picks it up from there. Anything past initial interest is a conversation about money, and that is not

somewhere I wanted a language model making the running.

Campaigns can also be driven one lead at a time from the dashboard, because the useful thing in practice was

not bulk sending. It was being able to intervene on a single prospect without breaking the run.

Reply handling. The AI drafts a response, but an interested lead goes into a stop table and the automation steps out of that thread.
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Email generation. Two branches, personalised for enriched leads and generic for the rest, with prompts fetched per run rather than hardcoded.

Campaign creation against the Instantly API, with the lead set built and the campaign record written back to Airtable.

Launch. Webhook triggered, campaign status updated at both ends so the dashboard never disagrees with the sending platform.
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The same generation path for a single lead, so one prospect can be handled without touching the rest of the campaign.

The operator side. Upload a CSV, choose email type and angle, and the campaign builds itself.
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Campaign management. Import, enrichment, email and campaign status in one row, with per-lead actions underneath.

Leads after enrichment, grouped by whether there was enough to personalise from.
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The prompt library. Five prompts, each with its own model, editable without opening a scenario.
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03   Mathani
Multi-agent system for a prayer and Quran app

A set of agents running behind a mobile app: reading its reviews, answering questions about
them, and handling the work that follows.

n8n · LangChain · pgvector · OpenAI · MCP

An ongoing build for a prayer and Quran app. Several agents, each doing one job, sharing a Postgres database.

The first one reads the app store. Every day it pulls new Google Play reviews, skips anything it has already seen,

classifies each one with an LLM, and stores it alongside an embedding. A second agent sits on top of that with a

chat interface, so someone can ask what people are complaining about this week and get an answer drawn from

the actual reviews rather than a summary someone wrote by hand. It has both a vector store for finding relevant

reviews and a direct SQL tool for counting and filtering, because some questions are better answered by a query

than by similarity search.

Others handle the work that comes out of that. A ticketing agent creates and routes Linear issues from a chat

message, using an MCP tool and the GraphQL API, and assigns them by team. It does not create anything on its

own budget: it calls the budget agent first. A budget agent prices every proposed ticket against the monthly

budget before it can be created, with release, hold and defer routes and an escalation path when something does

not fit. A responder agent replies to comments on Linear issues, checks whether the comment is relevant first,

and escalates instead of guessing.

An email agent reads the mailbox, works out whether a reply needs action, pulls the thread for context and drafts

a cautious response. It never sends. The draft goes to a person, and a separate workflow does the sending,

triggered by a button press.

Daily review ingestion. Fetch from Google Play, dedupe against what is already stored, classify with an LLM, then insert the review and its
embedding.
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The analyst agent. A vector store for finding relevant reviews, a SQL tool for counting and filtering, and conversation memory so follow-up
questions work.

Ticket creation from a chat message. The agent holds a Linear MCP tool, a contractors lookup, and a direct line to the budget agent, so a ticket
is priced before it is created.
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Inbound email. Guard, actionable check, contact lookup, thread context, then a reply proposed for a person to approve. Nothing sends from
here.

Budget agent. Every tool on it is a database operation, so the model reports on the budget rather than deciding what the budget is.
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Payment agent. Around twenty five Postgres tools covering settlements, penalties and payment reports.
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04   Telegram Order Agent
Open source, MIT

Customers order a takeaway in Roman Urdu. The AI reads the order. The database decides what it
costs.

n8n · Supabase · Next.js · Telegram

A restaurant ordering system that runs entirely through a Telegram chat. Customers type in English, Roman Urdu

or a mix of both. The agent works out what they want, checks it against the real menu, collects a delivery address

and phone number, and shows a priced cart to confirm. The order lands in Postgres and appears on a kitchen

board, where one tap moves it along and messages the customer automatically.

The first order it ever took, it invented the customer. I was testing it and sent only my address. It needed a name

and a phone number before it could place the order, so it took both from the street: the name was the road, the

phone number was the house number. No error, no crash, confident and completely wrong. I had already written

"always ask for a valid phone number" into the prompt. It happened anyway.

So every rule that matters moved out of the prompt and into the database. The agent has seven things it is

allowed to do and it cannot write its own SQL. It sends item names and quantities; the database looks up the

prices itself and ignores anything the model suggests. Phone numbers have to match the shape of a Pakistani

mobile or they are refused at the door. Minimum order, delivery fee and sold-out items are all enforced the same

way.

Confirming works the same way. Typing yes or haan does nothing. Only the button places an order, and the

button carries the id of a cart that was already priced and stored, so what the customer confirms is exactly what

they were shown. Building a new cart supersedes the old one, which means a stale button cannot be tapped into

a surprise.

The demo restaurant is fictional and everything about it is configuration, so swapping the menu and the delivery

rules runs it for a real shop. The whole thing is MIT licensed with a setup guide.

The n8n workflow. The seven Postgres functions hanging off the agent are everything it can do. There is no eighth, and it cannot write its own
SQL.
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Ordering in Roman Urdu. Spelling varies, nicknames work, and the agent resolves them against the real menu.

The cart, priced by the database. Only the Confirm button places the order.
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The kitchen board. Each ticket has a rail that fills as the order ages against a 45 minute promise, green through amber to red, so a glance
across the room shows what is late.

Menu management, including the aliases the agent listens for.

View repo: https://github.com/Shahzaib-Hasaan/telegram-order-agent

https://github.com/Shahzaib-Hasaan/telegram-order-agent
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05   ANESI
Lead-intelligence platform

Describe the kind of company you want. Get back a list with named decision makers and their
contact details.

Next.js · Postgres · HubSpot

A lead research tool for a UK advisory firm. You describe the kind of company you are looking for and filter on

headquarters, size, growth, ownership and funding. What comes back is a list of matching companies with

financials, the decision makers at each one, and their contact details.

Six providers run in sequence. Inven for company search, Companies House for the registration number,

Pomanda for filed financials, LinkedIn for the decision makers, Kaspr for their contact details, and Tavily for recent

company activity. Finished records sync into HubSpot, deduplicated by domain for companies and by email for

contacts.

Pomanda is paid and needs a company registration number before it returns anything, so the system gets that

number from Companies House first and only then makes the paid call. If no number can be matched, it falls back

to funding data from Inven rather than dropping the company.

The enrichment pipeline. Six providers in sequence, each stage feeding the next, and a company can drop out of any stage without stopping
the run.
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Search results after the first enrichment pass. The strip above the table tracks which provider each company has been through.

Filters on the left build the query. Manual mode steps through each enrichment phase; auto runs the whole chain.
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06   Slide Generator
AI teaching assistant

Upload a book, get a slide deck, then walk through it on a voice call with something that answers
questions.

Next.js · Postgres · ElevenLabs · OpenAI

You upload a PDF, EPUB or Word file. It works out where the chapters are, summarises each one, and generates

slides from the summary. You choose how detailed you want the summary before it runs, or turn on auto and let

the whole chain go by itself. The book in these screenshots came out as 30 slides across its chapters.

The part I cared about most is what happens after the slides exist. An ElevenLabs voice agent sits on top of the

document, so you can present the deck and interrupt it with a question on a live call. Every question is answered

against the slide you are looking at, plus the summary of the chapter it belongs to. Without that the agent answers

from the book as a whole and misses the point, because the same term shows up on several slides and means

something slightly different each time.

Multi-user, with accounts, roles and an admin area for managing users and their books. Decks export to PDF or

PowerPoint. Every question and answer is kept against the slide it was asked on. The prompts for chapter

detection, summarising, slide generation and the tutor are stored as records rather than hardcoded, so they can

be changed without a deploy.

Generated deck. Chapters down the left, detected from the source document, slides built from each chapter summary.
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Voice call open on a slide. The agent is answering against this slide and its chapter, not the whole book.

Library and upload. A book moves through uploaded, processing and ready, and shows an error state when parsing fails.
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Keys and the ElevenLabs knowledge base are managed in the app rather than sitting in environment files.
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07   Toolbelt
Browser-only utilities

Nine PDF, image and developer tools where the file never leaves your machine.

Next.js · Tailwind · pdf-lib · Canvas API

Nine tools for the jobs people normally hand to a random website: merge, split, rotate and compress PDFs,

compress, resize and convert images, format JSON, generate a QR code. No upload, no sign-up, no watermark.

Everything runs client-side, which is the whole point. Open DevTools while you use it and the network tab stays

empty, so you do not have to take my word for it. That constraint made it harder to build: PDF work runs on pdf-lib

in the browser and image encoding runs on the Canvas API, because two WebAssembly libraries I tried first both

hung the build in Next 16. The boring built-in shipped and the impressive dependency did not.

Compress PDF is deliberately honest about what it can do. It is lossless only, strips metadata and thumbnails and

repacks the file, typically saving 5 to 15 percent. When a file is already optimised it says so instead of inventing a

number, which is more than most online compressors manage.

All nine tools, grouped by category.
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A tool page. The badge and the line under the dropzone both say the same thing, and DevTools will confirm it.

Home. Search-first, because people arrive knowing the job they need done.

Open Toolbelt: https://tools.shahzaibbuilds.me

https://tools.shahzaibbuilds.me
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08   YTDM
Open source, MIT

A desktop download manager that survives being closed mid-download.

Electron · yt-dlp · FFmpeg · Deno

A cross-platform desktop app for Windows and Linux. Queue up a playlist, pause and resume individual items,

pick quality and subtitles, cap the bandwidth so the rest of the house still works.

The part that took the effort was crash recovery. A download interrupted halfway is not restarted from zero, it picks

up where it stopped, which matters when the queue is a forty item course and the machine reboots. The engine

also updates itself, because yt-dlp changes faster than anyone wants to ship releases for.

Builds for both platforms come out of GitHub Actions. MIT licensed.

A 41 item queue mid-run. Live speed graph, per-item progress, and the states that actually matter: downloading, queued, done, failed.

View repo: https://github.com/Shahzaib-Hasaan/ytdm

https://github.com/Shahzaib-Hasaan/ytdm

